3 EH 3 BRER T HBOR R Vol3 No.3
2021 4£9 H Chinese Journal of Intelligent Science and Technology September 2021

IS

ETMREZ M ES S BEIBEsfhit RarEREMITTAE

YK, xsk!, 24, Tam L 2% HER'
(1. HHEBITTE RS B AR, st 100048;
2. VEASIH RS N TR fie2Be, BeVE 744 710049)

b3

OE: R R B A BN HAHL B A ST RS T TR e, BTN B 8l
v, TR 3 P T A U B A e 1 o H TSR 1IZ B FL bR, [ I R A ) S R X SR
PRI, A A ek 2 R A PR A5, BT ZE BARN AT S 1 g Bl Al ko LUk, K TR B
TR ROBEAS T (), 3 3o 3 1 DG i 5 2 A K L D0 [ 5 88 G B 45 5 (0 g Ve /MR R R, TR BT R
TR MU SO R R, Rt 1% 52 16 B (1045 32 B AR Bl e P e SR A 22 R, AN 7 SR
ke, WERAINUEAS . 5, FIH A BAT Bt 1 B s 4t b r il AT o Irieiir . 459K W1, R EANLAE
TR B T 3 T SL AN KT, T2 RS A TE VAR 78 00 AR S S R DR8I R IR FRAIE T P00 i o
KBEIA: AWM AN Bt BT

HhESES: TPISI

SCRRFRIRAD: A

doi: 10.11959/j.issn.2096—6652.202129

A method based on visual saliency for vehicle-mounted monocular
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Abstract: A method based on visual saliency for ego-motion estimation and scale estimation of the vehicle in front was
proposed. Firstly, for the ego-motion estimation of vehicle-mounted camera, the visual saliency calculation method was
used to detect and remove moving objects in the monocular image sequence containing noise. While considering the im-
age texture and smooth region, the weighted saliency map was used to retain useful feature points, to improve the robust-
ness of ego-motion estimation. Secondly, the distance of the vehicle in front was converted into a vehicle scale estimation,
by integrating descriptor match and the strength of regularization match of the lie algebra to minimize loss function. The
visual attention mechanism was used to get texture image block without shade, and the pixel in the image block weight to
mitigate the effects of destroyed by noise pixel, so as to realize the robust and accurate scale estimation. Finally, several
challenging datasets were used to analyze and verify the proposed method. The results show that the monocular camera
ego-motion estimation method reaches the level of the stereo camera-based method, and the vehicle scale estimation me-
thod ensures the prediction accuracy while giving full play to the advantages of strong robustness.
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